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Introduction

Commercial pharma data is not like other data. The feeds arrive from vendors you do not control, on
schedules that slip, with identifiers that look valid and are not. A prescriber gets duplicated and the
incentive comp run pays the wrong rep. A specialty pharmacy file lands half empty during the weeks that
matter most. And all of it lands on a clock, because the first six to twelve months of a launch set the
trajectory a brand rides for the rest of its life. You get one chance at the field's trust.

The people asking for those numbers are demanding, and they should be. A brand lead who catches a
bad number once stops trusting the dashboard for good. Commercial teams work with some of the most
complicated datasets in any industry: prescriptions, claims, specialty pharmacy dispenses, payer
hierarchies, field activity, and a dozen syndicated feeds that disagree about what a date means. They
know their market and their customers extremely well. What they are not, and should not have to be, is
data engineers. They should never have to know why the IQVIA refresh disagrees with the claims file.

The three of us have worked with commercial pharma data for more than two decades, and DataKitchen
has spent more than ten years inside that problem. Seven of our engineers supported about $10 billion in
US sales at Celgene, with ten to 12 analysts covering hundreds of datasets and no missed SLAs. One
and a half engineers built and ran the launch data platform behind Cobenfy at Karuna, across 50
integrated datasets. Three of our customers have been acquired for nearly $100 billion combined. We did
not get there with more people. We got there by treating the commercial data operation as a factory: one
that tests every table on every run, deploys through automation rather than tickets, and catches a bad
vendor file before the field ever sees it. That way of working is DataOps. It is the argument of this book.

The chapters here were written over ten years and gathered in one place for the first time. They cover
why commercial pharma data fails in the specific ways it does, what a launch data platform has to deliver
and when, who should run your commercial data and what it should cost, the process hub and platform
underneath, and what Al changes about all of it. Some are case studies with the customer's own
numbers. Some are arguments we expect you to disagree with. People who have run the standup,
chased the vendor about the late file, and explained the restated number to the brand lead wrote every
one of them.

Our tools are open source, our engagements are flat rate, and the code lives in your repository from the
first sprint, so the platform is yours to keep or hand to whoever you name. We wrote this book for the
same reason we work that way: the knowledge of how to run commercial pharma data well should not be
locked inside a consulting contract. We hope you find ideas here that match what you have seen, and a
few you can put to work before your next launch.

Christopher Bergh, Gil Benghiat, and Eric Estabrooks

This book was updated on September 24, 2026.
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SECTION 1

Why commercial pharma data
is different

1. How DataOps is Transforming Commercial Pharma Analytics

2. IQVIA, specialty pharmacy, and your own files: the commercial data most likely to be
wrong

3. Why Testing Commercial Pharma Data Is Harder Than Anyone Tells You

4. The lllusion of Clean Data: The Pharma Identifiers Generic Tools Never Check
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WHY COMMERCIAL PHARMA DATA IS DIFFERENT

How DataOps is Transforming Commercial
Pharma Analytics

Read the original article at: https://datakitchen.io/blog/how-dataops-is-transforming-commercial-pharma-analytics/

DataOps has changed how pharmaceutical analytics teams run. The teams that get it right ship better
answers, faster, with fewer mistakes. That advantage shows up most clearly in product launches, where
speed and accuracy translate directly to revenue. DataOps is about eliminating errors, cutting cycle time,
building trust, and gaining agility.

After a decade of drug development, the launch is the most important phase in a product’s life. The first 6
to 12 months sets the lifetime revenue trajectory. A solid early ramp puts a new medicine on track to hit its
sales targets. A weak launch costs you revenue you'll never recover. Figure 1 shows how the curves
diverge.
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Figure 1: The first months in the product lifecycle determine its lifetime revenue.

During the launch, sales and marketing run on data. Campaigns are multi-level and analytics-driven. The
work is so critical to product success that the data team often reports directly into sales and marketing.

Picture a data team of one or two dozen people serving hundreds of sales and marketing users. Each
user has a territory or a campaign. They want new datasets, new dashboards, new segmentations, new
cached extracts. The requests don’t stop. The clock doesn’t stop. You ship answers fast and you ship
them right. The 24 recurring reports a launch analytics team owns is the concrete version of that queue.

The insights flow hourly, daily, weekly, and monthly. Figure 2 shows how the data team ingests data from
hundreds of internal and third-party sources.
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Figure 2: During the product launch, data comes from various sources and feeds into regular and ad hoc
reports and analytics.

The data is messy. There are multiple lists of physicians and they don’t agree. Roughly a million
physicians practice in the US, but only 40,000 are targets for a given drug. Standardizing that list matters
because sales compensation rides on it.

Part of the job is judging whether a source is fit for purpose. Figure 3 shows the spread: forecasts,
stocking, sales, physician, claims, payer promotion, and finance.

# Report / Activity Description Frequency Data Key Metrics
Forecast Tracking Report Report that displays key national metrics about brand performance Weekly NPA, Forecast Metrics Sr. Mgmt, Brand Teams TR, NRx, Units
against forecast
Activity to develop forecast, which could be based on andlogs, Sr. Mamt, Brand Teams,
2 Forecast Creating historical trends, population facts, projected events, or other  Quarterly Update NPA, Other Data Sets -Mgrmt, Brand d TRx, NRx, Units
methodology
) ) ) TR, NRx, Cohorts, Geographic Differences, Deciles,
X Report at the Executive Level that summaries key points from other, . Sr. Mgmt, Brand Team, Rest o o
3 Launch Tracking Report ool Weekly Multiple Data Sets . Brand Tean Specialfies, Targets, Activity Actual vs. Plan, Payer
Performance, Top Docs
4 Stocking Report Report that displays which pharmacies carry the brand Weekly Symphony Stocking Data Brand Team Number of Pharmacies Stocked
] TRx, NRx, Cohorts, Geographic Differences, Deciles,
5 Brand Team Report Report that covers critical sub-national topics in depth Monthly SK.T;?R"S&S?i;i:éﬁ;"é@”ﬂﬁ#fﬁi’ ;;:5' Brand Team Specialties, Targets, Activity Actual vs. Plan, Payer
| Torgeting d Performance, Top Docs, Promotional Execution,
ivity, and Other >
Promotional Results, Others
T Report that displays sales representafive achivity compared fo AMA Lsfler shop, Alignment, Targefing, Field - —
6 Field Activity Report P plays plannpe 3 activity 'y comp: Weekly P A%mv geting, Field Activity (calls, samples)
) ) . Symphony Sub national, AMA Letter shop, ) o
7 Field Performance Report Report that displays brand performance by geographic alignment Weekly R oatng Field TRx, NRx, Activity (calls, samples)
8 Pre-call Planning Physician level reports that integrate multiple data sefs Weekly Multiple Data Sets Field Multiple Metrics by Physician
Report that ranks each sales representative based on performance ) ) )
9 IC Report p i choostibh Weekly IC Grade Symphony Sub national Data Field IC Metrics, Rank
) ’ ! RO o )
10 Supporting Plan of Action (POA) / National - Activity p series of prese i quizzes, At Meetings Multiple Data Sets Field Field-Based Activity and Performance
Sales Meetings posters, and facilitated sessions
Report that displays performance of Major Model Groups, Minor Plan frack, Formulary, Co-pay, with Bridge -
n Payer/Plan Report e Todhion) Py o Monthly € Brand Team TRx, NR, Unifs
2 Claims Reports Reports on numbers of claims per product over fime Weekly Symphony Claims Data Sr. Mgmt, Brand Team, Field Multiple Metrics
13 Brand Planning Activity to support brand ""’p’f;::fn';ew months of annual brand Fa:;m‘:‘“‘:‘s' Multiple Data Sefs, Drivers Analysis Sr. Mgmt, Brand Team Multiple Metrics
" ) ) Activity to respond quickly and efficiently to questions about the ) Extended Sales & Brand ) )
14 Responding fo Analytic Questions e o i On-Tap Multiple Data Types £ Multiple Metrics
15 Promotional Mix / ROI Report Report that displays 'g:r’;“ﬂ,yij:;’l":ﬁ':gl calculation for major Monthly Mulfiple Data Sefs Brand Team TRx, NRx, Unifs, Financial Return
‘6 DTC Report Report that displays DTC geographic coverage and displays lft Monthly  DTC Coverags, Symphony Sub national Data, Brand Team TR, NR, Units
analysis ‘Alignment
) Report that displays lft analysis and RO calculation for major non- Promotional Data, Symphony Sub national -
17 Non-personal Promotion (NPP) Report ol eormionsd oo Weekly Do el hey ot Brand Team clicks, views, reads, stc.
18 Source Of Business Patient Level Reports Report(s) that provide insights about a patient acherence, refilsand  Monthly ~ Source of Business / Longitudinal Patient Data  Sr. Mgmt, Brand Team Multiple Metrics
19 Specialty Pharmacy Report Report(s) thot provide insights about a specialty phermacy stocking  peiogically Specialty Pharmacy Data Sr. Mgmt, Brand Team Multiple Metrics
20 Finance Report (s) Report(s) that display insights about accrued financial metrics Monthly Finance Data sr. Mg"l‘,'i'ni’n“cr;d Team, Mulfiple Financial Metrics
Report that uses TRx, SKU, pricing, contracting, and ofher data to Multiple Data Sefs, including Contracting and  Sr. Mgmt, Brand Team, ) B
2 Dermand based P&L Report oKy, pricing, confracting, Monthly e ", Branc Multiple Financial Mefrics
REMS (Risk Evaluation and Mitigation I ) _ Daily/Weekly/Month ) ) )
2 Pl Lol Reports on use within certified components of delivery chain o REMS Specific Data Sefs Brand Team Multiple Metrics for REMS
) ) R B ) ) o AMA Letter Shop, Alignment, Symphony Sub -
2 Developing Target List Activity to identify most promising existing or pofential prescribers  Periodically e D et Symehor Sales Ops Scores by Physician, Zip fo Terr
24 Supporting Periodic Sales force Logistics  Activities fo enable sales force fo function effectively and efficiently  Periodically Multiple Data Sets Sales Ops Multiple Metrics
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Figure 3: The vast and varied types of analytics required during the launch phase.

DataOps Success Story

The Otezla launch is a billion-dollar example of DataOps handling that complexity. Using DataKitchen
DataOps Automation, the team ran an agile shop with seven data engineers and 10 to 12 analysts. They
mastered hundreds of datasets serving thousands of users with very few errors or missed SLAs. They
built tens of thousands of automated tests checking data and analytics. They shipped hundreds of
schema and dataset changes a week without breaking anything. Compare that to companies running
hundreds of data professionals who still struggle. That's the power of DataOps automation.

Figure 4 shows the architecture from a real biologic launch. Over seventy data sources, daily and weekly
cadences. Biologic data is dirty, so the platform profiles it and runs rule-based quality checks first. Did the
data arrive on time? Is the volume right? When tests pass, orchestration admits the data to the catalog.
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Figure 4: DataOps architecture based on DataKitchen DataOps Automation

Reporting schemas update several times a day. Purpose-built warehouses, marts, and star views get
tailored to analyst needs. When builds finish, notifications trigger refreshes of dashboards, Tableau
workbooks, and whatever reports the business unit requires.

The agility shows up two ways. Production analytics refresh several times a day from dozens of
asynchronous sources. And the data engineers and scientists change any part of the pipeline at any time.
New datasets, new schemas, new views. The Otezla team made hundreds of schema and dataset
changes a week. Error rates stayed negligible because tests run at every stage. Observability catches
problems before they hit the people consuming the analytics.

The platform replaces the army of people running manual tests, checklists, and procedures. Your team
redeploys to work that creates real analytics. You ship more insight, faster. The table below shows
features and benefits of DataKitchen DataOps Automation.
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FEATURE BENEFIT

Process and workflow automation that Significantly faster time-to-insight for ad hoc
operates on data designed for analytics requests

Automating (and reusing) process with a Significantly fewer dollars spent on analytics
button push consultants and staff

Enablement for analytics, not just IT Extend IT investment, not replace
infrastructure

When the processes around the data are built for rapid refresh and rapid response, time-to-insight drops
and ad hoc requests cost less. DataOps automation replaces the non-value-add work and the outside
consultant dollars with a framework that runs efficiently and at quality. You build a factory that produces
insights.

The DataOps Platform doesn’t replace your data lake or data hub. It's the automation layer that spans the
toolchain you already have. Informatica, Snowflake, Databricks. DataKitchen works alongside them and
stitches them into the end-to-end data lifecycle.

The process-centric view says this: the processes that act on data are as important as the data itself.
Neglect those processes and you get delays, errors, and unplanned downtime. Build for them and you
get faster, more flexible analytics with almost no downtime.

DataOps Is the “New Normal” in Pharma

Otezla used DataOps automation with DataKitchen to make changes fast and ship high-quality
production deliverables. They built analytics consistently across dozens of product teams. They deployed
pipelines at scale, across a large group of people, spanning many tools.

DataOps is about quality assurance, automation, reusability, and repeatability. The goal is analytics
agility, and analytics agility is what gets you business agility. When the analytics team works fast and
accurately, decision-makers get what they need. That’s it.

Want more launch stories? Read How Three Small Pharma Companies Used DataKitchen to Achieve
Commercial Launch Success and Skyrocket to $100 Billion in Acquisition Value.

Curious how DataOps can improve pharma R&D operations? Read Accelerating Drug Discovery and
Development with DataOps.
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This post was updated on August 27, 2025.
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WHY COMMERCIAL PHARMA DATA IS DIFFERENT

IQVIA, specialty pharmacy, and your own files:
the commercial data most likely to be wrong

Read the original article at: https://datakitchen.io/blog/commercial-pharma-data-most-likely-to-be-wrong/

COMMERCIAL PHARMA - DATA QUALITY { DataKitchen

IQVIA, specialty pharmacy,
and your own files:

the commmercial data

most likely to be wrong

FIELD REPORT - LIVE

Most of the data behind your launch came from someone else. IQVIA sent Xponent. Symphony sent
claims. The specialty pharmacies sent dispense data on their own schedules, in their own formats, with
their own idea of what a “week” is. You load all of it. Then you build the field report on top and hope the
numbers hold.

They don’t always hold. And the way you find out is a rep calling to ask why their territory dropped 40
percent overnight. Testing commercial pharma data is harder than anyone tells you, and it starts with the
feeds themselves.
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WHO GETS THE CALL

You own the number, 12480 .87
not the plumbing
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You own the number, not the plumbing

When the number is wrong, the brand team does not call your data engineer. They call you. And while
that fire burns, your analysts spend the week reconciling files by hand rather than identifying the next
access opportunity. The problems below look technical. Every one of them is yours. It helps to know what
they look like.

COMMERCIAL PHARMA DATA

= o NPI PRESCRIBER TRx SRC
The landmlnes A\ 1043827 ]J.Okafor 842 IQuIA
A\ 1043827 = J. Okafor 842 SYM
2290144 R.Patel 1203 IQVIA
7781902 M. Alvarez Aoesa00  ovia
5560318 L Chen 671 IQUIA
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The landmines

Two physician files, one truth, and they disagree. You get prescriber data from multiple sources.
IQVIA says Dr. Smith wrote 30 scripts. Your MDM says Dr. Smith and Dr. Smith are two different people.
Now your targeting list has a ghost and your alignment double-counts. Nobody notices until the incentive
comp run, and then everybody notices. A transposed NPI does the same damage from the other
direction, and it passes a ten-digit pattern check every time.

The vendor restated last quarter without telling you. Third-party sales data is part actual, part
projection. The vendor backfills the gaps with an algorithm. Next month they get better inputs and rerun it.
Your actuals from last quarter quietly changed. The trend line you showed the VP last week is now
different. Same query, different answer.
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The decimal moved. A quantity column arrives as units one month and as packages the next. Or a price
lands in cents instead of dollars. One product shows a 10x jump, and the dashboard renders it as a
heroic sales week. It was a unit-of-measure change nobody flagged.

Half the file showed up. The specialty pharmacy feed is supposed to have 40,000 rows. Today it has
26,000. The load succeeded. No error. The pipeline is green. Your dispense numbers are just wrong, and
everything downstream inherits the hole.

The vendor renamed a column. Last week it was RX_CNT. This week it's RxCount. Your transform
maps the old name, finds nothing, and fills the field with nulls. The pipeline doesn't fail. It produces a
clean, well-formatted, completely empty metric.

SPECIALTY PHARMACY

Specialty pharmacy data ® ot «
is the worst of it 0 DL

P0007
date: dispense_dt

D) DataKitchen

Specialty pharmacy data is the worst of it

If the vendor feeds are messy, specialty pharmacy data is the mess with another mess stacked on top. A
retail brand pulls prescription data from one or two big aggregators. A specialty brand pulls it from the
network of specialty pharmacies that actually dispense the drug, and that network can be a dozen
pharmacies or more. Each one sends its own file, on its own schedule, in its own format.

None of them agree on what the words mean. One pharmacy’s ship date is another’s fill date is another’s
dispense date. One counts a referral the day it arrives, the next counts it the day benefits clear, the third
counts it when the first box goes out the door. Patient status is worse. One calls it on therapy, another
calls it active, a third has six sub-statuses you have never seen and no way to map them to anyone
else’s. You are supposed to stitch all of it into one patient journey, and the pieces were cut by different
hands.

Then there is the patient key, or the absence of one. Specialty pharmacy data is often your only window
into patient-level activity, because a limited-distribution drug has no retail claims to fall back on. But each
pharmacy de-identifies patients its own way, so the same patient can show up three times under three
tokens and you cannot tell. Your adherence rate, your time to fill, your discontinuation curve all sit on top
of that.
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Here is the part that makes it dangerous. Nobody owns this data. It lands on an analyst who is already
doing three other jobs, who opens the files, does their best in a spreadsheet, and moves on. Specialty
pharmacy integration is almost always somebody’s afterthought, right up until it becomes the number the
access team is betting the launch on.

BUSINESS IMPACT
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costs you I I
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Q Forecast suspect

D) DataKitchen

What each of these costs you

None of these is a rounding error. A duplicated prescriber splits credit across two records, and your
incentive comp run pays the wrong reps. A silent restatement moves a number you already briefed to
leadership, and every forecast built on it is now suspect. A unit-of-measure jump sends the field chasing a
spike that never happened. A half-loaded specialty feed hides real patients from the access team during
the weeks that matter most. Every feed a commercial launch runs on fails in its own particular way, and
we catalogue them in a feed-by-feed inventory of commercial pharma data sources.

Launch is where this hurts worst. The first year sets the trajectory a brand rides for the rest of its life, and
you get one chance at the field’s trust. One wrong territory number and the reps stop believing the
dashboard. After that, they run on gut, and the platform you paid for is furniture. Good commercial
pharma analytics starts with the data the field believes in.

There is a second cost, quieter than the first. Reconciled data is defensible data. When a rep disputes
their comp, you need to show the number held. When leadership challenges a forecast in the business
review, you need to show the history did not move under you. And if your company is the acquisition
target your investors are hoping for, the data behind your commercial story has to survive due diligence. A
reconciliation trail on every feed is what turns “trust me” into “here is the check that passed.”

It does not have to go this way. One commercial launch platform, behind a brand later acquired for $14
billion, ran on roughly one and a half engineers and had field reporting live six months before launch day,
because the checks caught the bad loads before anyone downstream saw them. The launch case study
has the numbers. The difference was not heroics. It was reconciliation on every feed.
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Test instead of trust

You have to check two things, not one: that the file arrived intact, and that last month’s history did not
change underneath you. Most teams check the first and skip the second. The rest of this section is how.

The first check is extract to load. Did the file arrive intact? This one is deterministic, and it should be
exact. Count the rows in the vendor’s control record and in your staging table; if they match, the load is
correct; otherwise, the load is wrong. Sum the amount column on both sides to the penny, at fixed
precision, so two engines don’t disagree over floating point. Confirm the max load date is today, not three
days ago. When the vendor gives you no control count, fall back to an expected range instead of a fixed
number, because a specialty feed legitimately shrinks on a holiday week. A count of 26,000 against a
normal 40,000 is not automatically wrong, but it is automatically worth a look.

These checks run in seconds and catch partial, stale, and truncated files before anyone opens a
dashboard. When one fails, the load stops in staging and never reaches the mart. That is the point of a
two-stage architecture: bad data needs somewhere to fail that the field never sees.

Row counts and sums tell you the totals line up. They don’t tell you that the rows are the same. Two files
can carry identical counts and identical sums and still be full of swapped values. To catch that, you
fingerprint each row in the source, fingerprint it in the target, and compare them. If a value changed, the
fingerprint changes, and you see exactly which rows drifted.
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The check most teams skip

Extract-to-load reconciliation assumes last month’s history remains last month’s history. In commercial
pharma, it often does not. Third-party sales data gets rerun when the vendor receives better inputs, and
your Q2 actuals change inside a file that loads perfectly. Source and target agree. Every deterministic
check passes. And the number you briefed to leadership is now different.

The only way to catch that is to remember what the vendor told you before. Keep a snapshot of each
period as you received it. When the next file lands, diff the overlapping periods against the snapshot.
Expected corrections get reviewed and accepted. Silent rewrites get flagged before they reshape a trend
line under you. This is the check most teams skip, and it is the one that protects your credibility with
leadership. A commercial insights leader at Celgene reduced errors to about one per quarter and held it
there for years. That is what disciplined reconciliation buys you.

YOUR CEO WANTS Al

The foundation
your Al actually needs

* "Share by segment, Q2?"

RECONCILED
TESTED o
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The foundation your Al actually needs

Your CEO wants Al, and you are the one who has to deliver it. Here is the part nobody says out loud.
Your Snowflake Cortex Analyst or Databricks Genie cannot answer a real commercial question until the
underlying data is right. Ask it for share by segment on top of an unreconciled feed, and it will answer with
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